Generative Al for Childhood and Adult

Barcelona Cancer Research Universitat
Supercomputing upf Pompeu Fabra
CoSr . Barcelona
e " Guillermo Prol-Castelo'2, Davide Cirillo!, Alfonso Valencia'-

'Barcelona Supercomputing Center (BSC), Barcelona, Spain,
Department of Medicine and Life Sciences (MELIS), Universitat Pompeu Fabra, Barcelona, Spain
3Institucio Catalana de Recerca i Estudis Avancats (ICREA), Barcelona, Spain

Figure 1. Summary of the most common uses of the VAE with omics data.
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Figure 4. Classification performances (Leff) and Fairness comparison (Right).
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